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Bayes Algorithm of System Reliability Degree under three Kinds of Loss Functions
KANG Da
(Zhejiang Industry & Trade Vocational College, Wenzhou, 325003,China)

Abstract: Making use of the loss function is a property of measuring loss degree and error degree. The loss function is com-

bined with Bayes statistics, which constructs three kinds of loss functions algorithm about system reliability and posterior distribution

parameters. In this paper, we select bilateral truncated samples. when the prior distribution of the parameters obeys gamma distribu-

tion, and we take series-parallel system as an example to derive system reliability degree and the posterior distribution parameter of

the Bayes algorithm under three kinds of loss function. Moreover, adopting Monte Carlo experiment method to generate the mean of

multiple sets of values at random, the estimate of the reliability of the three kinds of loss functions is calculated.
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