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Plate Detection Based on Deformable Part Model
QIAN Yue-jing
(Zhejiang Industry&Trade Vocational College, Wenzhou, 325003, China)

Abstract: While the traditional plate detection methods based on the license plates' prior information are greatly influenced by
the background, resolution, light and vehicle attitudes, a license plate detection method based on deformable part model is presented.
First, the method extracted the license plates' HOG features, and used the features to train a root filter and several part filters, and then
got a detection model. Second, the method calculated the HOG features of images to be detected, and used the detection model to cal-
culate the root filter's score and the part filters' score separately; Finally, the method processed the part filters' score based on distance
transform, and then added to the root filter's score, and the real plate position was gained based on the final score. The experimental re-
sults show that the method can accurately gain the license plate's location, and can be applied to various scenarios such as complex
background, low resolution, bad light and any vehicle attitudes, so the method has a certain practical value.
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