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An Image Separation Algorithm Based on Damping Modification FICA
XU Fa-qgiang
(College of Information and Communications, Zhejiang Industry & Trade Vocational College, Wenzhou, 325003, China)

Abstract: An independent component analysis algorithm, usually used to separate bind source signs, such as audio and images,
etc., whose main goal is to analyze the structures of a mixed matrix and its separation matrix. This paper proposes an independent com-
ponent analysis algorithm of damping modification, which may adjust the damping coefficient dynamically according to the conver-
gent state of gradient function during iteration, make sure that gradient function converges to a certain stable value. And a set of partic-
ular independent components can be drawn finally. Otherwise, it has an advantage of converging fast. An experiment of separating a
set of mixing images proves that the methodology has some practical meanings.
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1 2 3 4 5 6 7 8 9 10 A brifE2E
FICA 59 46 131 31 161 100 46 92 83 65 81.4 40.9
B IE FICA 20 20 19 21 17 21 14 18 35 23 20.8 5.6
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1 2 3 4 5 6 7 8 9 10 I PrifE2E
FICA 86 28 51 62 52 47 128 49 53 43 59.9 28.1
B IE FICA 26 13 24 14 54 52 24 28 50 54 33.9 16.7
FHJEAEIE FICA 43 34 44 40 30 40 34 41 44 40 39.0 4.8
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